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Entity Relation Extraction Based on Improved Attention Mechanism
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Abstract. Entity relation extraction is a crucial part of knowledge base construction. Among many methods of rela-
tionship extraction,the method of distant supervision combined with neural network model is satisfactory in terms of accura-
cy and other performance. However, there is often a large amount of noise data in the labeled corpus obtained by distant su-
pervision, which has a great impact on the training of relationship extraction model. In this paper,we propose an entity rela-
tionship extraction model of convolutional neural network based on improved attention mechanism. Aiming at the sentence
set containing the same entity pair, this model tries to find out all the positive instances that embody the relationship between
the entity pair,construct the combined sentence vector,and discard the possible noise sentences,so as to minimize the impact
of noise sentences and make full use of the semantic information of positive instances. Experimental results show that the ac-
curacy of the proposed relation extraction model is better than that of the comparative relation extraction model.
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ARV B 25 ) R B T PONN + TATTAE R A ofi ) R T

Hfl & 9 Zm)F, B 2k ) HERAL B SRR XS Mexico , Acap-
ulco”. NFE 3 HPRT LRI, 55 6.7 8 S FIEE X FIFl
A PRI contains” 5 7R , J& M f] . A SCR B STk 14,
15 AR SCR R A A 11 0 3 2% ) - AR
FERETACE XN ) BEATHEY , i3 3 JIr/R. % PCNN +
ATT APCNN + D D)}z Memory 57k 2k 15, Hoid 8 ) B 7Y
WESR A ) 73 AR A 4L G 1) &, B 0. 238772 x
p, +0.264004 x v, + -+ +0.096322 x v, , 5 L v, 746 i
FA)TRYFFIE I B (1 <i<9) , BUAR =AM 5 ) 1 O AR
BAR A RS 5 TR A SO R4 IR0 (7) 4l
EA G g, BN g, =0.264004 x v,/0. 264004, g,
= (0.264004 x v, + 0.238772 x v, )/(0.264004 +
0.238772) ARG 3T softmax 8 HAE G X R F s
O3 SRIGRTERRE R R r B s AL A 8] 7 )
RANZRATY. 58 58 5255 & I, 4545 o PCNN + IATT 533 3%
P g NN A RIS 7] WL g A5 5 ARAE I
R P IE SR A)F  T T e ) AR g B T
— AR IE S (R BRI SRR B T 5, TR, it
AR SO AT R AF AR Bt 1y 25 ).

x3 ZHILK

WEE WE | BEHE
1. Mr. gutierrez also made trips to Guadalajara and Acapulco in Mexico,to Amman in jordan and tel aviv in israel ,as well as to less 0.238772 )
exotic destinations like tampa,san antonio and phoenix. o
2. Accompanied by my friend lynne scott,whom i’ve known since the long-ago days when i was briefly engaged to dan aykroyd -Irb- 0.2 |
lynne was dating dan’s brother,i arrive in Acapulco,Mexico,in early june to work on a cable movie,“romancing the bride. ” ’
3. While the number of killings has gone down since president fox sent a battalion of federal officers to try to take back control of the
city’s streets, the violence has not ended but moved to other parts of Mexico,especially the central state of michoacan and the pacific | 0.036996 6
coast resort of Acapulco.
4. Leopoldo flores ,a municipal judge in Acapulco,Mexico,officiated at casa de la laguna there. 0. 174094 3
5. The last time rafael nadal and mariano puerta exchanged left hooks on clay was in february in the semifinals of a small tournament 0. 139185 4
in Acapulco,Mexico. ’
6. Unlike canctn or Acapulco,where american fast food joints and discos rule,san miguel de allende still feels like Mexico. 0.011007 9
7. The crisis erupted on dec. 2 ,when Mexico's top drug prosecutor ,deputy attorney general josé luis santiago vasconcelos ,acknowledged
that eight agents in Acapulco had been arrested on charges that they had kidnapped hired assassins working for the gulf drug cartel | 0.024685 7
and had handed them over to their rivals in the sinaloa cartel.
8. The bill was approved as Mexico finds itself in the midst of a war between rival drug cartels that has claimed hundreds of lives,in-
cluding dozens of police officers,particularly in the texas border town of nuevo laredo and along the pacific coast between Acapulco| 0.014933 8
and zihuatanejo.
9.1In Acapulco,Mexico,i watched in dismay as tourists bought fruit at the marketplace and ate it ,unpeeled. 0.096322 5
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